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Markov Model is a popular instrument for a statistical Part-of-Speech tagging. However, the normal model
cannot cope with exceptional phenomena. To remedy the weakness, we introduce two types of extension to
the model. One is to use word-level statistics, and the other is selective tri-gram. We introduce an error-
driven method for the selection of words and tri-gram contexts. We show how our extension is effective

through various experiments.
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N, TOERIREWROBHOFIEZERAL T 5,
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AELTWS, AEFIVTIX, tri-gram XHk% bi-
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EFINVERAT 2 EICKD, W@EE 2HH Lo
5 bi-gram IR TIEW R TERWHRITOBHIRT
ZEMTED, IHIC, BIRW tri-gram [ IHEHET
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WDT which | RB off
VB be IN though
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VBZ has IN that
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: - NN  stock-index
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BRREEROERCEMR U £ X, SR tri-gram
HBEOAZEMT 2 Z EAAREE /RS,

5 &

AWML TR, Widsy 7 IOFHEET IOV TD
PLRICDOWTEIR Uz, BEEL NIUHEHEDFIH &
B tri-gram O 2 FEOILEZEAL &,

HEEL N)VOFEHEDOFIHICK D, EFIVIHISE)

REEHRIZODHINTESL LD IRz, LML, 88
FEINRFIEA S LICKD, #ED tri-gram
EFIVZE, tri-gram BAISHEZ, FH5—F 1Tt
Li#gEE L TLED, £2°T. BIRIT tri-gram
HIZzFIAT2ZEicky, #HBERAIZEADSE, #@
FEZREEL .

R Uz ihii & U TERT D HEE ORERS, FIH
9% tri-gram OFERIIAFTHTODINETH S,
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% 2: BPLR & tri-gram HEEEEK (FEE)

dataset Bl | FBE | tri-gram BB 2EEK
Bifl bi-gram /2L | 95.816 0 1309
£ tri-gram A 96.040 11550 12859
tri-gram(PP)  73L | 95.982 780 2089
tri-gram(P-C)  72L | 95.967 750 2059
bi-gram 50 & | 95.992 0 2125
2 tri-gram 50 & | 95.079 14637 16762
tri-gram(P-P) 50 & | 96.066 286 2411
tri-gram(P-C) 50 & | 96.102 516 2634

% 3: BPLR & tri-gram B (P EEE)

dataset Bl | FE | tri-gram BB 2EEHK
Bifli bi-gram 72l | 93.921 0 2213
£ tri-gram A 93.928 25281 27494
trigram(P-P)  72L | 94.028 1826 4039
tri-gram(P-C) 72U | 94.038 1861 4074
bi-gram 50 & | 94.161 0 3400
£ tri-gram 50 #@&F | 92.621 30671 34071
tri-gram(P-P) 50 3 | 94.152 505 3950
tri-gram(P-C) 50 & | 94.180 982 4382
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FES 8 ) 7 S AR SR
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LTk, WEHEEZ DS ZMEAERRE BT
Thb,

BRELHE
PennTreebank T3 Hong Kongl DX 5733
2%, THong] Kong| @ 2 FBIZ/HE|IL THEX
NTnD, EE, FBERILTDHE (R 1) 1T
Hong| (Hong Kong). Los] (Los Angeles).
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